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Based on the uploaded 2D floor plan, generate a
professional interior design presentation board in a
single image. Layout : The final image should be a
collage with one large main image at the top, and
several smaller images below it. Content of Each
Panel : 1. Main Image (Top) : A wide-angle
perspective view of the main living area , showing
the connection between the living room and dining
area. 2. Small Image (Bottom Left) : A view of the
Master Bedroom , focusing on the bed and
window. 3. Small Image (Bottom Middle) : A view of
the Home Office / Study room . 4. Small Image
(Bottom Right) : A 3D top-down floor plan view
showing the furniture layout. Overall Style : Apply a
consistent Modern Minimalist style with warm oak
wood flooring and off-white walls across ALL
images. Quality : Photorealistic rendering, soft
natural lighting.

Edit Image Copy

Using Image 1 (the garment) and Image 2 (the
model), create a hyper-realistic full-body fashion
photo where the model is wearing the garment.
Crucial Fit Details : The [T-shirt/Jacket] must drape
naturally on the model's body, conforming to their
posture and creating realistic folds and wrinkles .
High-Fidelity Preservation : Preserve the original
fabric texture, color, and any logos from Image 1
with extreme accuracy. Seamless Integration :
Blend the garment into Image 2 by perfectly
matching the ambient lighting, color temperature,
and shadow direction . Photography Style : Clean
e-commerce lookbook, shot on a Canon EOS RS
with a 50mm f/1.8 lens for a natural, professional
look.

Edit Image Copy

e ———————
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Create an educational infographic explaining
[Photosynthesis] . Visual Elements : lllustrate the
key components: The Sun, a green Plant, Water
(H20) entering roots, Carbon Dioxide (C02)
entering leaves, and Oxygen (02) being released.
Style : Clean, flat vector illustration suitable for a
high school science textbook. Use arrows to show
the flow of energy and matter. Labels : Label each
element clearly in Simplified Chinese .

Edit Image Copy

{ "prompt_breakdown": { "subject_parameters": {
"identity_constraint": "Preserve facial features
from reference image", "hair": "Long, ash-brown,
textured wolf cut", "expression": "Relaxed, dreamy,
looking to the side" }, "apparel": { "top":
"Sleeveless cropped black hoodie with high collar",
"bottom": "Faded black denim shorts, vintage
distressed style, raw hem with frayed fibers",
"footwear": "Onitsuka Tiger Mexico 66 sneakers
(Yellow and Black)" }, "pose_and_action": {
"body_position": "Lying relaxed inside an open car
trunk, legs bent and crossed", "arms": "Right arm
stretched upward, left hand holding a lit cigarette
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