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Outline
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• Week 6 Assignment Summary (20 min)


• What a Related Work section is (10 min)


• Related Work in 3 steps and examples (40 min)


• Your Turn for revision and new assignment (80 min) 

• Feel free to discuss with me !!



Week 6 Assignment Summary

• The details are not sufficient.


• ❌ We used cross-entropy loss to train the language model.


• ✅ We used autoregressive cross-entropy loss to train the language model. The loss 

was averaged over valid target tokens, excluding prompt and padding tokens. 

• ✅ We trained the model using AdamW with a learning rate of 2 × 10⁻⁵, a batch size of 

4, and a maximum of three epochs. The checkpoint with the lowest validation loss 

was selected for final evaluation.
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Where we are

4

Main Body (Your Main Paper)

Abstract

Introduction

Related Work (Literature Review)

Methods

Results

Discussion

Conclusion

Depends on where you submit

Depends on where you submit



Related Work builds the gap

• A Related Work section is not a summary of everything you have read.


• Its job is to make your paper necessary. 

• Every group of papers you describe should leave the reader thinking 
"so somebody still needs to solve that.” ➡ Your paper is that somebody. 

• If a reader finishes your Related Work and thinks the problem sounds solved 
already, the section has worked against you.
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Two Examples Last Week

• 💡 Click and browse the Related Work section


• Li, Mingjie, et al. "Advancing In-Context Learning for Efficient and Stable 
Medical Report Generation." IEEE Transactions on Pattern Analysis and 
Machine Intelligence (2026).


• Yan, Sixing, et al. "Learning self-critiquing mechanisms for region-guided 
chest x-ray report generation." International Conference on Learning 
Representations. Vol. 2026. 2026.
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No “Related Work” in many journals
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• 💡 Click and browse Related Work that is hidden inside Introduction


• Tseng, LW., Lu, YC., Tseng, LC. et al. Model-dependent prompt effects 
challenge reliable deployment of medical LLMs in traditional Chinese 
medicine. npj Digit. Med. (2026). https://doi.org/10.1038/
s41746-026-03397-5


• Levin, C., et al. "Nursing judgment in the age of generative artificial 
intelligence: A cross-national study on clinical decision-making 
performance among emergency nurses." International journal of nursing 
studies (2025): 105216.



Standing on the shoulders of giants
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📚
📚

📚
📚

…

💡 Your work!!

Previous work!!



Three steps to write the Related Work section
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1. Group: sort your references into two to four families, by the approach

2. Describe: one clause per citation

3. Compare: close each family with what it cannot do



Three steps to write the Related Work section
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1. Group: sort your references into two to four families, by the approach

2. Describe: one clause per citation

3. Compare: close each family with what it cannot do

💡 Target length: 400–700 words, two to four paragraphs, one per family.

💡 Step 3 is the one that gets skipped, and it is the only reason the section exists.



Step 1: Group

10



Step 1: Group
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❌ Grouped by time:


"In 2019, … In 2020, … More recently, in 2023, …”


❌ Grouped by paper:


"Smith et al. proposed X. Jones et al. proposed Y. Lee et al. proposed Z."


 

✅ Grouped by approach:


"Existing work falls into two groups: methods that map structured diagnosis


codes, and methods that learn directly from clinical text.”



Example of Step 1 (You can see the sorting)
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Tseng, LW., Lu, YC., Tseng, LC. et al. Model-dependent prompt 
effects challenge reliable deployment of medical LLMs in 
traditional Chinese medicine. npj Digit. Med. (2026). https://doi.org/
10.1038/s41746-026-03397-5



How to find your group?

Lay your papers out and ask of each one: what does this paper assume it has?


Papers that assume the same thing belong together. For example:


• papers that need paired data vs papers that work without pairs


• papers that need labelled examples vs papers that do not


• papers that use structured fields vs papers that use free text
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Example2 of Step 1
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Lee, Changsun, et al. "Read like a radiologist: Efficient 
vision-language model for 3d medical imaging 
interpretation." Medical Image Analysis (2026): 104077.



Step 2: Describe
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2.1. Multi-modal foundation model in medical domain

2.2. VLMs for 3D medical imaging interpretation

Smith et al. (2020) first pre-trained a medical foundation model using CT image-report pairs.

Jin et al. (2021)

Swift et al. (2023)

Zhang et al. (2022)
Lee et al. (2023)



Two ways to cite the same paper
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Two ways to cite the same paper
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1⃣ Author as the subject — the sentence is people >= idea.


“Smith et al. (2020) proposed a graph-based reranker.”


2⃣ In brackets — the sentence is about the idea.


“Graph-based rerankers improve recall on long documents (Smith et al., 2020).”


💡 Related Work is about ideas, so most of your citations should sit in brackets.


⚠ Use the author form: Authors’ action (-> the paper itself) is very important; 

model doesn’t have a name.



Example of Step 2
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Recent convolution-based approaches. Han et al. [25] show that local Transformer attention 

is equivalent to inhomogeneous dynamic depthwise conv. The MSA block in Swin is then 

replaced with a dynamic or regular depthwise convolution, achieving comparable performance 

to Swin. A concurrent work ConvMixer [4] demonstrates that, in small-scale settings, 

depthwise convolution can be used as a promising mixing strategy. ConvMixer uses a smaller 

patch size to achieve the best results, making the throughput much lower than other baselines. 

GFNet [56] adopts Fast Fourier Transform (FFT) for token mixing. FFT is also a form of 

convolution, but with a global kernel size and circular padding. Unlike many recent 

Transformer or ConvNet designs, one primary goal of our study is to provide an in-depth look 

at the process of modernizing a standard ResNet and achieving state-of-the-art performance.

Liu, Zhuang, et al. "A convnet for the 2020s." 2022 IEEE/CVF 
conference on computer vision and pattern recognition (CVPR). 
IEEE, 2022.



⚠ Make sure the cited paper matches your words

• You should care fully check the references and write the relevant descriptions.


• Smith et al. (2020) proposed a pre-trained large language model.


• If reviewers are familiar the paper of Smith et al. (2020), they will check 
the relevance. 
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Example of Step 3
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Recent convolution-based approaches. Han et al. [25] show that local Transformer attention 

is equivalent to inhomogeneous dynamic depthwise conv. The MSA block in Swin is then 

replaced with a dynamic or regular depthwise convolution, achieving comparable performance 

to Swin. A concurrent work ConvMixer [4] demonstrates that, in small-scale settings, 

depthwise convolution can be used as a promising mixing strategy. ConvMixer uses a smaller 

patch size to achieve the best results, making the throughput much lower than other baselines. 

GFNet [56] adopts Fast Fourier Transform (FFT) for token mixing. FFT is also a form of 

convolution, but with a global kernel size and circular padding. Unlike many recent 

Transformer or ConvNet designs, one primary goal of our study is to provide an in-depth look 

at the process of modernizing a standard ResNet and achieving state-of-the-art performance.

Liu, Zhuang, et al. "A convnet for the 2020s." 2022 IEEE/CVF 
conference on computer vision and pattern recognition (CVPR). 
IEEE, 2022.



Related Work is complete “Only if you have Step 3”
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Step 3: Compare and point out what others “cannot”
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“However, these approaches all rely on structured diagnosis codes, which are not available 

until after discharge coding is complete.” 

“In contrast, we follow FEVER (Thorne et al. 2018a) to provide a fixed fact database and ask 

models to first extract relevant documents from Wikipedia before verifying the claims with the 

evidence sentences. We consider our approach, along with FEVER (Thorne et al. 2018a), to be 

more realistic for real- world fact verification scenarios.”

Lin, Ying-Jia, et al. "Cfever: A chinese fact extraction and verification 
dataset." Proceedings of the AAAI Conference on Artificial Intelligence. 
Vol. 38. No. 17. 2024.



Another writing strategy: find the current best
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RadFM < CT-CLIP < CT2Rep < 
3D-CT-GPT < M3D-LaMed



How long and how many papers?
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• Two to four paragraphs, one per family, 400–700 words in total


• Roughly 20–40 citations for a conference paper; fewer if the area is small


• Most citations appear in brackets, grouped two or three to a sentence


• One paper gets extended treatment: the closest one


If you are over 700 words, you are probably writing a survey. If you are under 200, you 
probably have not found your groups yet.



Sentence Bank of Related Work

• "Existing work falls into two groups: … and …"


• "A first line of work … (A, 2020; B, 2021)."


• "These approaches share one assumption: …"


• "However, all of them rely on …, which is not available when …"


• "The work closest to ours is …"


• "There are two main differences between … and our work. First, … Second, …"


• "To our knowledge, no previous work has …"
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Your Turn

1. Group: sort your references into 
two to four families, by the approach

2. Describe: one clause per citation

3. Compare: close each family with 
what it cannot do



NEXT WEEK ATTENTION!!

• Next week: Results section: Tables


• Paragraph for a table


• Caption for a table


• Please bring your preliminary results.
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Results are not ready?

• If your experiments are still running, bring the table with empty cells and the 
row and column headings filled in. That is enough to work on.


• If you don’t have your results ready, please run small experiments this week.
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Thank you for your participation 📚


